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: ABSTRACT
The fast growth of artificial intelligence (AI) in the creative field has changed the way
curators do their jobs and brought up difficult psychological, moral, and technical issues.
Artworks created by algorithms, neural networks and generative models that are created
by Al challenge traditional concepts of creation, ownership and aesthetic judgement. This
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1. INTRODUCTION

essay examines how the roles of managers are evolving as they work to link the actions
of humanity with those of machines. It considers the key issues raised when attempting
to organize Al art: challenges related to challenges of authenticity, originality, ambiguous
ownership and copyright, and the technology's black box decision-making process. It's
harder for curators job due to ethical problems with data-bias and figuring out who wrote
a piece. On a functional level, it's difficult for managers to make sense of and to put their
stake in works that it's difficult to understand the creative processes of systems that are
not always clear. The paper talks about new ways for humans and Al to work together in
curating, ways to judge the intellectual and stylistic value of something, and ways to
include algorithmic openness in the design of a show. It displays the best practices and
new ways of curating digital art through examples of big Al art shows and attempts by
institutions to set moral standards.

Keywords: Al Art Curation, Generative Models, Authorship and Ethics, Algorithmic
Transparency, Human-Al Collaboration, Digital Aesthetics

When the artificial intelligence (Al) and the arts intersect it alters how we consider creation, authorship, and art's
value. Artistic creation was previously considered an exclusive prerogative of human beings. Now we live in a time when
algorithms, neural networks and machine learning models can make complicated, emotional, and sometimes uncertain
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Curating Al-Generated Artworks: Challenges and Solutions

works of art. Al systems have been capable of amazing things, from copying to creating brand new things and even
inspiring, in everything from music and art to poems and theatre. While these changes make it easier for artists to express
themselves, it also makes it extremely difficult to follow the rules that have been used for the collection, analysis and
understanding of culture. In the past, it was the job of the curator to place human creation in its proper perspective. Now,
the work of the curator must be an effort between human and nonhuman agents in the construction of meaning. Al-
generated art isn't just a new medium, it's a reflection of the way technology can coauthor an artwork, how algorithms
can be used to make beautiful art, and how data can be used to drive creativity. Generative adversarial networks (GANSs),
diffusion models and large-scale language-image systems such as DALL. E and Midjourney can create works of art that
make it difficult to discern purpose and the computational process.

As more and more art institutions and public digital spaces employ these technologies, curators now have to work
out how to interpret works of art created by complicated algorithms; how to navigate the ethical and legal questions of
authorship; and get people engaged in the growing conversation around machine creativity Feuerriegel et al. (2024).
Curating Al art is then not only an aesthetic job, it's also a job of knowing what is right and wrong and how to do it. Even
though Al-made art is showing up more and more in galleries, online platforms and culture institutions, the rules for
showing and judging it are still not well developed. Traditional works of art are often from clear artistic traditions and
cultural settings.

Figure 1
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Figure 1 Process Framework for Curating Al-Generated Artworks

Al-generated works, on the other hand, are the result of huge data sets, coded parameters and random outcomes. A
collaborative ethical transparent process between human curators and Al creativity is revealed in Figure 1. This creates
a more difficult task in determining what something really means. Someone or something can be said to "create" an Al
work of art. Who decides and arranges the end result? Is it the computer, the information, the system or a person? These
kinds of questions challenge established ways of curating that uses human purpose to judge the importance of art.

2. CONCEPTUAL FOUNDATIONS
1) Definition of Al-generated artworks

Al-generated artworks are creative works which are made entirely or partly by computer programs which use
mathematical models to copy, improve or rethink human creation. On the traditional digital art, the artist works directly
with the digital tools. Al art, on the other hand, is that which originates from programs that produce material
independently of information and trends that they have learned Kshetri (2024). By analysing large quantities of data and
generating new combinations of shapes, colours, and concepts, neural networks, generative algorithms and other Al-
based systems can be employed to create drawings, music, poems, and multimedia pieces. It is because of this that Al-
gen art occupies a special place between human will and machine action. The artist or coder determines the parameters,
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datasets and models, and the algorithm searches for potential changes to be made within these limits. Often, the results
are so surprising even to the people who made them. What is unique about art generated with Al is that it is rethinking
creation as an evolving process between humans and computers . The beauty of a piece of art is
often not just in the picture or arrangement itself, but in the system, training data and artistic process that went into
making it. So, art created by Al brings up the question of who created it, what it means and how it should be understood.
As a result, they are questioning the notion that art is solely made by humans, adopting an interest instead in data,
algorithms and human selection in conjunction.

2) Overview of generative models and creative algorithms

Generative models and creative algorithms are the technologies that make Al generated art possible. The goal of
these computers is to find the patterns in the current data and then to make new results that are similar to those or build
up the patterns they found. Generic Adversarial Networks (GANs), Variation Autoencoders (VAEs) and the diffusion
models are some of the better known methods. GANs work by letting two neural networks to work with one another in
a dynamic way, generator makes data and discriminator checks to see if it is real . The results have the
ability to be creative like a person. Newer and more powerful diffusion models utilize learnt denoising processes to
transform random noise into pictures in order and over and over again. This allows them to come up with very detailed
and creative graphical results. Creative algorithms can be used to write, make music, and videos as well as visual art.

3) The role of human curators in Al-driven creativity

This means knowing about how numbers are put together and how biases can affect the results of creative processes
and how generative processes relate to the goals of art. Curators are the mediator between machines and people to make

each other better understood . They discuss the relationship between the human coder, the
Al model and the end piece of art, placing that in the context of broader discussions on creativity, innovation and digital
ethics . They also are very important for openness because they reveal the mathematical

processes which are typically hidden behind the "black boxes" of Al systems. This level of openness allows trust building
and critical thinking of the viewers. In addition to which meaning the art should be depicted with, managers also choose
how people should experience and think about their art. presents some significant studies, exhibitions,
frameworks and institutional contributions. They decide how dynamic, immersive, and math works are displayed that
make people think about the ways people and machines can work together.

Table 1

Table 1 Summary of Related Work on Al-Generated Art and Curation

Focus Area Methodolog Key Findings Relevance to Curation

Generative Adversarial Art Al trained to create novel Demonstrated machine creativity Challenges notions of authorship
artworks autonomousl beyond style imitation and originalit
Al art installation GANs used for real-time portrait  Explored continuous creativity and Influences live curation and
generation randomness generative displays

Ethical critique of datasets Visual analysis of image Exposed surveillance bias in Al Promoted transparency and
databases datasets ethical curation

Al and culture Interactive exhibits Integrated art, science, and Established interdisciplinary
philosophy of Al curatorial model

Al artwork commerecialization GAN-generated portrait First Al artwork sold at auction Highlighted market and
($432,500) valuation challenges
Artistic-technical collaboration Research residencies Promoted co-creation among artists Model for interdisciplinary
and coders curation
Ethical Al design Hamed et al. Case studies and exhibitions Proposed guidelines for responsible Informed museum-level
(2024) Al displa curatorial standards
Responsible innovation Collaborative research Merged Al development with art Framework for fair and
ethics explainable curation

Policy and governance Kaebnick Multi-stakeholder approach Introduced principles for human- Adaptable to curatorial
etal. (2023) centric Al governance models

Creative democratization Interactive Al interface Enabled accessible Al art creation Supports participatory and
digital curation

Co-creation via GANs Web-based remixing Encouraged communal authorship Expands online and public

engagement in Al art
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3. CHALLENGES IN CURATING AI-GENERATED ARTWORKS
1) Authenticity and originality concerns

One of the most difficult aspects of collecting Al-made art is determining what constitutes a computer product as
real and unique. Traditional ways of judging art are dependent on the artist's personal vision, artistic purpose, and
personal involvement which are all things Al systems can't do. Because Al models learn from vast numbers of existing
works, the patterns, styles, or arrangements created by Al models are often merely imitations or parodies of pre-existing
ones. This causes people to have anxiety about derivation and repetition Malik et al. (2023). It's difficult to determine
the originality of Al art in which the arbitrary process of creation relies not on ideas, but on data collected previously.
Also, Al-generated art challenges traditional ideas of validity, which have traditionally put a lot of weight on the artist's
mark and skill. In the case of Al art, the "hand of the artist" is replaced by computers, which makes it difficult to discern
the difference between being an author and automated. So, there is a need for curators to rethink as to what a real
creative act is, whether it's writing an algorithm or organising data or selecting how to display the result for aesthetic
reasons Johnson (2023). This doubt also alters the way the viewer perceives things. People may wonder if this Al art has
any kind of emotional depth, or if it is simply copying the creativity of humans. In this way, realism in Al art isn't so much
having a unique style as it is being upfront with the process and the intentions of the artist.

2) Copyright and intellectual property issues

Copyright and intellectual property (IP) conflicts make it hard to collect works of art made by Al In traditional art,
the creators can be pinpointed down as human beings. But with Al art, it's more difficult to say who made it given that it
was made by coders, data coaches, users, and the Al system itself. The current rules of copyright are mostly
anthropocentric, which means they only recognise writing by humans. As such, Al-generated works will very often fall
into legal murky areas, making it difficult for artists and institutions to have a good understanding of what the rules are
for business use, copying, and display rights. The samples which are used to train generative models are another
controversial topic.

Figure 2

Authorship
and Ownership |

(e——2)

Evolving IP
Frameworks

Figure 2 Framework for Managing Copyright and Intellectual Property in Al Art

A lot of times, these files contain protected materials such as photos, designs and artworks that have been stolen
from the internet without the creators permission. Figure 2 shows the process of copyright management, attribution of
copyright ownership and ethical protection. Because of this, A.l. generated products could potentially copyright content
without the intent of doing so, and this could lead managers and venues to potentially get into legal trouble. It's very
hard to figure out where Al artworks come from when algorithms work like "black boxes" which makes it hard to find
inspirations or sources. In order to handle these intellectual property issues in a managerial role, you must be aware of
the law and mindful of social issues Shambharkar etal. (2025). They have to check usage rights, talk to lawyers and make
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sure that works on display abide by copyright rights and fair use rules. Also, institutions are beginning to advocate for
new intellectual property regulations that recognise the fact that people and Al systems can collaborate to produce
works.

3) Technical challenges in understanding Al systems and outputs

This lack of clarity, which is often called the "black box" problem, makes it very hard for editors to understand,
analyse and show Al artworks in a useful way. The technological issues include not only the comprehension aspect but
also the organizational aspect of the show. For Al art to be exhibited, it may require special hardware or software settings,
or constant data connections. All of these things require people who are artists, programmers and engineers to work
together across disciplines. This is because unlike printed pieces, algorithmic installations/interactive works do not have
a straightforward process of showing, as they require frequent updating, problem-fixing, and computer resource
management. Also, managers have to cope with the fact that dynamic systems are difficult to forecast. Because the results
of Al can change from one version to the next, the decision of which version it should display and how to frame its change
is simultaneously a philosophical and technical decision.

4. APPROACHES AND FRAMEWORKS FOR CURATION
4.1. HUMAN-AI COLLABORATIVE CURATION MODELS

Human-AlI joint curation is a newly conceived framework for planning art exhibitions, based on the idea that the
human editors' semantic interpretation and the Al's computational power can be combined effectively in planning the
optimal displays. This model doesn't view Al as simply a medium for creation of art. It considers it as a partner in the
decision making for curators. Al can help with things like looking for patterns in art, guessing how interested an audience
will be or finding themes that run through huge art collections.

Figure 3
TPy Provide Context,
('_;15_”-“ LU Interpretation,
Curators | Oversight
Generate Eg:iﬁ(t;
Artworks, Offer Offer Z
Recommendations 5
Recommendations

Figure 3 Framework of Human-AI Collaborative Curation

A human editor, on the other hand, provides valuable background knowledge, emotional awareness and moral
course. Figure 3 illustrates the combination of human curators and Al systems in curation. The combination of machine
and people can create a flexible system with the precision of machines and the intuition of people. In these types of joint
models, Al systems could suggest artworks based on the visual or conceptual similarity, create information, or model the
show plans based on the expectation of how visitors will move through the space. Then, the curators can make these
ideas better so that they align with artistic stories, institutional purposes, or cultural objectives.

4.2. CRITERIA FOR EVALUATING AESTHETIC AND CONCEPTUAL VALUE

In order for us to decide the artistic and intellectual value of works that are produced by Al, we have to re-evaluate
the criteria that we usually use to assess art. Other traditional criteria such as originality, skill and emotional expression
should be modified in order to consider a level of artificial construction, process transparency, and human-machine
collaboration. Al art is often a statistical mishmash, not necessarily an emotional experience. This means directors must
consider visual or physical attractiveness of the outcome as well as intellectual meaning of the process. Aesthetic
evaluation can comprise structural, novelty, and creativity of the Al system. Conceptually, managers ought to consider
how well the work questions the relationship between the technology and the mind, and if there's important new
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information regarding a data culture, authorship, or perception. Often, the value of Al art is not in itself a piece of art but
in making people consider the essence of what it means to create. Transparency and interpretability are becoming very
important in the evaluation process.

4.3. INTEGRATION OF ALGORITHMIC TRANSPARENCY IN EXHIBITION DESIGN

1) LIME

LIME's approach to making algorithms more clear is to make models that are easier for humans to understand that
show how Al systems make decisions. When creating a show, LIME can be used to see how various elements of an
artwork - color, structure, shape etc. - interact. Side by side examples displayed by curators can also demonstrate how
slight changes to the Al's input can produce enormous effects on its artwork. By decoding the meaning of the local
decision boundaries, viewers of the film see how algorithmic thinking operates rather than just the results of algorithmic
thinking. Adding LIME visualization to the experience of shows transforms them into learning experiences, allowing
guests to realize why each object was created or to support curators' narratives about how we can make sense of things,
who made things, and how humans and machines can collaborate.

Approximate the complex model f(x) locally with a simple interpretable model g(x),

g) = f(x), forx € N(x°)

Assign weights to samples near the instance x, using a proximity function,

n(z) = exp (— <¥f)2>)

Minimize loss to make g faithful to f,

§(x) = argminlg € GL(f,g,m) + 2(g)

Using visuals and audience interaction technologies, LIME illustrates what features contribute, by showing how
small changes to the input change the output of the system. This facilitates the understanding of the model's local
reasoning in a transparent way to the audiences and bridges the gap between computational logic and human
understanding.

2) SHAP

Based on the concept of cooperative games, SHAP provides us with a mathematical means to interpret the
contribution of each input to the final decision of an Al model. In Al art shows, SHAP can be used to make heatmaps or
feature-importance plots which show which parts of the information had the most impact on the end piece of art. They
can use these visual clues to discuss the objectives of the algorithm, such as how it takes things into account such as
structure, colour schemes or style references. By displaying SHAP analyses, exhibits instill openness and moral
sensibility by illustrating how creative decisions are made through the use of quantifiable model reasoning. This gives
credibility to people and opens a critical discussion about data bias and computer interpretation.

Represent the model prediction as a sum of feature contributions,
fO)=¢°+ Zig

Compute each feature’s contribution using the Shapley value formula,
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Visualize importance of the features, for interpretability purposes, you may need to visualize the importance of
different features.

SHAP also shows how much each attribute (such as tone, contrast, element of the dataset) contributes to the final
artistic output of the Al. These calculated contributions can be used by curators to create a visual "importance map",
which can be used to communicate to audiences how the thinker places emphasis on specific, artistic features or
aesthetics.

3) Grad-CAM

Grad-CAM makes visual explanations by drawing attention to the parts of a picture which have the most impact on
an Al model's choice. When choosing Al-made art, one can overlay attention heatmaps on the final picture to see where
the algorithm "paid attention" while it was creating the art. Grad-CAM-based exhibitions further render transparent the
perceptual reasoning behind neural networks so as to help people understand how computers "see" and understand art.
These heatmaps are inserted directly by curators and allow users to toggle between original and activation mapped
experiences. This approach is both artistic and technological, making algorithmic opacity into visual statements and
enhancing the transparency of curators and the participation of the public in the creative process of Al.

5. CASE STUDIES AND BEST PRACTICES

1) Notable Al art exhibitions and curatorial approaches

Over the past decade, numerous shows have featured works of art made by Al, and each had a differing strategy for
getting audiences interested in machine craftsmanship. One of the first important events was the exhibition "Unhuman,
Art in the Age of AI" (2017). It examined the concept of how computers alter identity in art and the way in which art
should be judged. The organisers emphasised process-openness - by showing both the pictures, which are generated, as
well as code, which runs them. This caused people to think about the way in which humans and machines can work
together. The 2019 show "Training Humans" at Fondazione Prada, put together by Kate Crawford and Trevor Paglen,
also took a close look at the datasets that are used by Al systems, demonstrating the effect of bias and monitoring on
creative outputs. "Al, More Than Human" Barbican Centre (2019) shifted the focus of the exhibition by bringing into view
the psychological and societal impacts of Al. The exhibition was a mixture of works of art, science artefacts and
interactive pieces, demonstrating that Al art can come from a lot of different fields.

2) Institutional efforts to define standards and ethical guidelines

As Al art continues to become more popular, cultural institutions are beginning to become more aware of the need
to decide on standards and moral rules for how Al art should be curated and shown. Well-known museums, study centres
and culture groups are taking the lead in ensuring that the creation of Al is accountable, open, and for everyone. For
example, the Victoria and Albert Museum (V&A) and Tate Modern have already initiated study projects on investigating
the ethics of using machine learning in art. Issues related to data source, authorship credit, and algorithmic bias are some
of the topics the projects cover. In the same way, the European Commission's Ethics Guidelines for Trustworthy Al
(2019) and the Recommendation on the Ethics of Artificial Intelligence (2021) of the United Nations Educational,
Scientific, and Cultural Organization (UNESCO) are frameworks which emphasise human oversight, fairness and cultural
diversity. Figure 4 illustrates the emergence of institutional responses including ethical normative and regulatory
mechanisms. More and more art institutions and curators are implementing these principles.
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Figure 4

Collaborations with

Artists, Curators, and
Technologists

Figure 4 Institutional Roadmap for Establishing Al Art Ethics and Regulations

These standards encourage transparency in the methods used for image recognition, the require commas before
"and invitations" , permission before using training data, and representation of all peoples.

6. PROPOSED SOLUTIONS AND FUTURE DIRECTIONS
1) Development of ethical and legal frameworks

New and intelligent models will have to evolve intellectual property rights in a way that makes it fair and transparent
for human makers and Al systems to collaborate to make things. Such frameworks should also emphasize data ethics,
that is, ensuring that the datasets used to train Al models are acquired legally, with permission, and with cultural
sensitivity in mind. To consider the larger social and environmental impacts of Al technologies, ethical rules must
address issues such as bias, inclusion and longevity. Institutions should make editorial rules of behaviour that require
algorithms and data sources to be made public. This would enable people to make more informed readings.

2) Interdisciplinary collaboration between artists, curators, and technologists

The future of art created by Al depends on a new collaboration between artists, managers, and scientists. Each group
has something else to offer, artists generate ideas and creative visions, organisers contextualise and explicate works, and
engineers develop and refine the formulae on whose basis creative work can be done. Interdisciplinary relationships
unite these fields and allow people to get to know both the artist and technical aspects of Al art in total. Collaborative
projects provide opportunities for people to join forces and create tools that prioritize ethics, openness and
transparency. When artists and organisers work with engineers they can have an effect on algorithmic design, making
sure that creative systems are in line with artistic purpose and cultural values. These partnerships also increase the
editor's technical skills, for instance, learning how to use datasets, how to train models, and their limitations, which
enhances the accuracy of their interpretations. Institutions can facilitate this by creating study programs, internships
and courses that connect people across disciplines.

3) Use of explainable Al to enhance curatorial understanding

Explainable Al (XAI) is a necessary move in the right direction for managers who wish to adequately understand
and demonstrate works created by Al. Most of the time, traditional Al systems are black boxes that deliver results, but
do not explain the reasons behind their occurrence. The goal of XAl is to ensure that these processes are transparent by
giving people an insight into how the computer makes certain creative decisions. This capacity to analyse enhances both
the technical awareness of a manager and his moral accountability. With the use of XAl tools, curators are able to see
how decisions are made, how data is related, and how features affect generative models.
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7. CONCLUSION

This is a turning point in the history of creative practice with the introduction of Al-generated art; this is what makes
it necessary to reformulate the concept of an artist, reality, and the role of the curator. Since the computer has
increasingly engaged itself in the creation of visual and conceptual works, managing them has to negotiate a complex
world, in which human and machine intelligence merge. This revolution questions the traditional ideas about what
creative is and needs new models to reconcile creativity with morals, openness and critical thinking. It has come to light
that the assembly of Al art does not solely pertain to the exhibition of algorithm-driven pieces of art, but also a question
of the interpretation of relations between information, technology, culture, and meaning. The problem of authorship,
copyright and social responsibility shows how valuable the creation of full-fledged legal and administrative frameworks,
which acknowledge the possibilities of co-creation of humans and Al are, is. Technological and market problems, equally,
indicate that managers need to know how to work effectively with programmers, ethicists, and artists. To make people
understand the possibility of machine creativity, future formulas of curating should adopt Al to be made known,
transparency of algorithms, and learning-by-doing. Therefore, the managers organize the shows where individuals can
discuss and critically evaluate the advantages and disadvantages of the Al systems.
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